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Figure	7.	
The	distribuFon	of	primary	care	offices	in	FayeLe	County.	
 18
Geographic	Determinants	of	Health Jones	2018
	
Figure	8.	
The	distribuFon	of	schools	in	FayeLe	County.	
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Figure	9.	
The	distribuFon	of	grocery	stores	in	FayeLe	County.	
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Figure	10.	
This	chart	shows	the	relaFonship	between	ZIP	Code	grocery	store	density	and	ZIP	Code	median	
income.		The	overall	trend	is	negaFve	and	exponenFal,	with	a	R2	value	of	0.581.	
Figure	11.	
This	chart	shows	the	relaFonship	between	ZIP	Code	grocery	store	density	and	ZIP	Code	median	
income	aher	omiung	40510	and	40507.		The	overall	trend	is	sFll	negaFve	and	exponenFal,	with	
a	reduced	R2	value	of	0.413.	
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Figure	12.	
This	chart	shows	the	relaFonship	between	ZIP	Code	primary	care	office	density	and	ZIP	Code	
median	income.		The	overall	trend	is	negaFve	and	exponenFal,	with	a	R2	value	of	0.418.	
Figure	13.	
This	chart	shows	the	relaFonship	between	ZIP	Code	primary	care	office	density	and	ZIP	Code	
median	income	aher	omiung	40510	and	40507.		The	overall	trend	is	sFll	negaFve	and	
exponenFal,	with	a	reduced	R2	value	of	0.276.	
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Figure	14.	
This	chart	shows	the	relaFonship	between	ZIP	Code	school	density	and	ZIP	Code	median	
income.		The	overall	trend	is	negaFve	and	exponenFal,	with	a	R2	value	of	0.652.	
Figure	15.	
This	chart	shows	the	relaFonship	between	ZIP	Code	school	density	and	ZIP	Code	median	income	
aher	omiung	40510	and	40507.		The	overall	trend	is	sFll	negaFve	and	exponenFal,	with	a	
reduced	R2	value	of	0.571.
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